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Abstract

Background: Pulse transit time and pulse wave velocity (PWV) are related to blood pressure (BP), and there were continuous
attempts to use these to predict BP through wearable devices. However, previous studies were conducted on a small scale and
could not confirm the relative importance of each variable in predicting BP.

Objective: This study aims to predict systolic blood pressure and diastolic blood pressure based on PWV and to evaluate the
relative importance of each clinical variable used in BP prediction models.

Methods: This study was conducted on 1362 healthy men older than 18 years who visited the Samsung Medical Center. The
systolic blood pressure and diastolic blood pressure were estimated using the multiple linear regression method. Models were
divided into two groups based on age: younger than 60 years and 60 years or older; 200 seeds were repeated in consideration of
partition bias. Mean of error, absolute error, and root mean square error were used as performance metrics.

Results: The model divided into two age groups (younger than 60 years and 60 years and older) performed better than the model
without division. The performance difference between the model using only three variables (PWV, BMI, age) and the model
using 17 variables was not significant. Our final model using PWV, BMI, and age met the criteria presented by the American
Association for the Advancement of Medical Instrumentation. The prediction errors were within the range of about 9 to 12 mmHg
that can occur with a gold standard mercury sphygmomanometer.
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Conclusions: Dividing age based on the age of 60 years showed better BP prediction performance, and it could show good
performance even if only PWV, BMI, and age variables were included. Our final model with the minimal number of variables
(PWB, BMI, age) would be efficient and feasible for predicting BP.

(JMIR Med Inform 2021;9(12):e29212) doi: 10.2196/29212
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Introduction

High blood pressure (BP) is the leading cause of cardiovascular
disease (CVD) such as coronary artery disease, stroke, heart
failure, peripheral artery disease, and many kinds of
microvascular disease. Furthermore, hypertension accounts for
more CVD deaths than any other modifiable CVD risk factors.
Most countries have published their own definition of
hypertension and treatment guidelines. Those guidelines
emphasize controlling BP in patients with hypertension because
it can prevent CVD and reduce mortality according to a large
amount of evidence [1-3]. For diagnosis and management of
hypertension, accurate measurement of BP is crucial.

We can measure BP with many kinds of devices in an office
setting and an out-of-office setting. However, BP varies with
many factors such as cuff size and patient’s position.
Ambulatory BP monitoring with automated and programmable
inflating cuff for 24 hours is considered as the reference standard
BP since this method can rule out whitecoat hypertension or
masked hypertension and measure nocturnal BP [4]. However,
the aim of ambulatory BP is commonly diagnostic rather than
real-time monitoring because the BP is measured in a fixed
interval every 15 to 30 minutes over a 24-hour period. Several
investigators tried to measure continuous BP using wearable
devices with pulse transit time (PTT) and pulse wave velocity
(PWV) to overcome disadvantages of ambulatory BP monitoring
[5-10]. Although previous studies found a significant correlation
between the PTT and the BP, they were conducted among a
limited population of young and healthy male participants or
among a small-sized population [11,12]. Therefore, they had
limitations for generalization. To our knowledge, there was no
investigation to evaluate the importance of each variable for
prediction models as well.

The aim of this study is to develop BP prediction models with
PWV in a large sample size of 1362 patients and to evaluate
the relative importance of each clinical variable used in BP
prediction models.

Methods

Study Population and Data Collection
This study was conducted on men older than 18 years who had
a health medical examination at the Samsung Medical Center
from January 2014 to December 2015 and conducted a test of
the brachial-ankle PWV calculated by PTT. Among them, 1362
patients who were not taking antihypertensive medications or
alpha-blockers for treating benign prostate hypertrophy were
recruited for data analysis since these medications can affect
PWV. Data was extracted from the Clinical Data Warehouse

Darwin-C of Samsung Medical Center for this study. This study
was approved by the Institutional Review Board (IRB) of the
Samsung Medical Center (IRB number 2016-02-142). Each
participant prepared a self-assessment questionnaire that
included a past medical history, medication history, and smoking
status. Smoking status was divided into three groups:
nonsmokers, ex-smokers, and current smokers. Anthropometric
measurements including body weight and height were performed
with light clothing, and the BMI was calculated as weight (kg)

divided by height (m2) squared. Venous blood samples for
high-density lipoprotein (HDL) cholesterol, low-density
lipoprotein (LDL) cholesterol, triglycerides, glucose,
hemoglobin A1c (HbA1c), creatinine, and C-reactive protein
(CRP) were collected after 12-hour overnight fasting. Diabetes
mellitus was defined as treated with diabetes medication,
HbA1c≥6.5%, or fasting glucose ≥126 mg/dL.

Pulse Wave Velocity and Blood Pressure
Brachial-ankle PWV was obtained using VP-1000 (Colin,
Komaki, Japan) in the supine position with cuffs placed on both
arms and ankles. They measure bilateral brachial and posterior
tibial artery pressure waveform using an oscillometric method.
PWV was calculated automatically with the distance from the
heart to the ankle and the distance from the heart to the upper
arm (L) divided by the pulse wave propagation time (PTT).

BP was obtained simultaneously with PWV measurement.
Systolic BP (SBP) and diastolic BP (DBP) were defined as the
average of pressures in both arms. Normotension was defined
as SBP<140 mmHg and DBP<90 mmHg. Hypertension was
defined as SBP≥140 mmHg or DBP≥90 mmHg.

Statistical Analysis
Continuous variables were presented as means and SDs, and
categorical variables were reported as percentages. Continuous
variables were compared means between two groups using the
Student t test, and categorical variables were compared
frequencies through chi-square tests.

A total of 1362 participants were recruited in the model
development cohort, and they were split up into the train and
validation sets in a ratio of 7:3. The model development cohort
repeated 200 different random seeds considering the effect of
partition bias. The validation cohort was chosen randomly by
selecting 100 patients each from the age group younger than 60
years and 60 years and older by stratifying age and BMI. Since
BP and prostate medications can affect PWV, these patients
were excluded. After Spearman correlation was conducted for
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33 variables, including PWV, age, questionnaires, physical
information, and chemistry electrolyte tests, 17 variables with
absolute values of correlation numbers of 0.5 or less were
selected to exclude multicollinearity. The BP prediction model

used multilinear regression analysis, and this study compared
the performance of the model based on the total age (algorithm
1) and the model made by dividing it into two age groups based
on the age of 60 years (algorithm 2; Figure 1).

Figure 1. Algorithms based on subgroups by age.

Model 1 was done by only using PWV. Model 2 was made by
adding BMI and age to model 1. Model 3 is a nested model that
includes heart rate (HR), smoke status, white blood cell count
(WBC), hemoglobin, uric acid, sodium, potassium, LDL, HDL,
triglyceride, testosterone, creatinine, CRP, and diabetes into
model 2. Two sample t tests were used for the comparison
between the two groups, and differences from zero were
compared through one sample t test. Analysis of variance was
used to compare the performance between the three models.
For the post hoc test, the most conservative Bonferroni test was
used. We used Johnson relative weights to quantify the relative
importance of correlated predictor variables in multiple linear
regression analysis [13]. For the evaluation of the performance
of the BP prediction model, error was used to indicate the
difference between the predicted value and the actual value,
and root mean squared error (RMSE) to indicate the predicted
error of the continuous variable. The RMSE is defined as the
square root of the mean of the difference between the predicted
and the real value. The final model was evaluated for the
performance of the model compared to the BP medical device

grading criteria suggested by the British Hypertension Society
(BHS) and the American Association for the Advancement of
Medical Instrumentation (AAMI) [14,15]. All analyses
determined statistical significance based on the significance
level of .05. For statistical analysis, R 4.02 version (R
Foundation for Statistical Computing) was used.

Results

Baseline Characteristics
Based on the data of 1362 adult males older than 18 years in
this study, the baseline clinical characteristics of study
participants are shown in Table 1. Participants were aged
between 18 and 90 years, with an average of 62.1 (SD 7.7)
years. Of the 1362 people, 303 were younger than 60 years,
while 1059 were older than 60 years. The normal BP was 1117,
and the high pressure was 245. People with hypertension had
higher PWV, BMI, HR, WBC, HDL, triglyceride, uric acid,
and testosterone than normal people.
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Table 1. Baseline clinical characteristics of study participants.

All (N=1362)BPb groupsAge groupsCharacteristica

P valueHypertension
(n=245)

Normal BP
(n=1117)

P valueAge≥60 years
(n=1059)

Age <60 years
(n=303)

62.1 (7.7).3961.7 (8.6)62.2 (7.5)<.00165.3 (4.9)50.9 (4.9)Age (years)

124.9 (13.1)<.001143.9 (10.5)120.7 (9.4).36125.1 (13.2)124.3 (12.8)SBPc (mmHg)

79.6 (8.3)<.00190.6 (6.0)77.2 (6.6)<.00179.1 (7.9)81.5 (9.3)DBPd (mmHg)

1507.4 (248.6)< .0011692.8 (293.9)1466.7 (217.4)<.0011544.4 (257.4)1378.2 (157.6)PWVe average (cm/s)

24.1 (2.5)<.00124.9 (2.8)23.9 (2.4)<.00124.0 (2.5)24.6 (2.6)BMI (kg/m2)

63.1 (9.8)<.00165.3 (10.5)62.6 (9.6).7363.1 (9.9)63.3 (9.5)Heart rate (BPM)

5.7 (1.6)<.0016.0 (1.6)5.6 (1.5).825.7 (1.6)5.7 (1.6)White blood cell count (103/μL )

15.2 (1.1).1215.3 (1.2)15.1 (1.1)<.00115.1 (1.1)15.4 (1.0)Hemoglobin (g/dL)

5.7 (1.2).0015.9 (1.3)5.6 (1.2)<.0015.6 (1.2)5.9 (1.3)Uric acid (mg/dL)

142.1 (1.8).62142.1 (1.9)142.1 (1.8).30142.1 (1.8)142.0 (1.7)Sodium (mEq/L)

4.4 (0.3).324.4 (0.4)4.4 (0.3).584.4 (0.3)4.4 (0.3)Potassium (mEq/L)

119.3 (30.7).56120.4 (30.0)119.1 (30.9)<.001117.2 (31.0)126.7 (28.5)Low-density lipoprotein (mg/dL)

55.1 (14.4).00753.0 (12.9)55.6 (14.6).7455.1 (14.3)55.4 (14.5)High-density lipoprotein (mg/dL)

116.0 (67.1).004129.8 (85.1)113.0 (62.1).02113.6 (64.8)124.6 (74.0)Triglyceride (mg/dL)

5.2 (1.6)<.0014.9 (1.7)5.3 (1.6).775.2 (1.7)5.3 (1.5)Testosterone (ng/mL)

.55<.001Smoking status, n (%)

353 (25.9)63 (25.7)290 (26.0)280 (26.4)73 (24.1)Never smoker

732 (53.7)138 (56.3)594 (53.2)589 (55.6)143 (47.2)Ex-smoker

277 (20.3)44 (18.0)233 (29.0)190 (17.9)87 (28.7)Current smoker

1.0 (0.2).141.0 (0.5)1.0 (0.1).781.0 (0.3)1.0 (0.1)Creatinine (mg/dL)

0.1 (0.3).250.1 (0.3)0.1 (0.3).460.1 (0.3)0.1 (0.3)C-reactive protein (mg/dL)

.06<.001Diabetes, n (%)

1127 (82.7)192 (78.4)192 (78.4)853 (80.5)274 (90.4)No

235 (17.3)53 (21.6)53 (21.6)206 (19.5)29 (9.6)Yes

aValues are reported as mean (SD).
bBP: blood pressure.
cSBP: systolic blood pressure.
dDBP: diastolic blood pressure.
ePWV: pulse wave velocity.

Figure 2 shows the distribution for the mean of error obtained
from repeated analysis of 200 random seeds. When estimating
SBP with algorithm 1, underestimation occurred in the younger
than 60 years age group, and overestimation occurred in the 60
years and older group (P<.001, one-sample t test). When
estimating DBP with algorithm 1, underestimation occurred in
the younger than 60 years group, and overestimation was only

performed on model 1 for those 60 years and older. In algorithm
1, model 1 had the worst performance. The average of the mean
of error was significantly smaller when algorithm 2 was applied
in SBP forecasts compared to algorithm 1. In the case of DBP
prediction, the average of the mean of error was significantly
lower when algorithm 2 was applied in comparison to algorithm
1 in the younger than 60 years age group.
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Figure 2. Blood pressure prediction model: mean of error of blood pressure based on 200 repetitive partitions.

From the view of RMSE, the performance of model 2 with the
condition of age <60 years was better in algorithm 2 than in
algorithm 1. The performance of model 2 with the condition of
age ≥60 years was not significantly different between algorithms

1 and 2 (Figure 3). When comparing between models in
algorithm 2, model 1 was the worst, and there was no significant
difference in performance between model 2 and model 3 (Table
2).
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Figure 3. The distribution of RMSE in model 2 obtained from repeating the analysis by 200 random seeds. RMSE: root mean square error.

Table 2. RMSEa of the models in algorithm 2.

Diastolic blood pressureSystolic blood pressureModels

RMSE of A2 (≥60 years; SD)RMSE of A2 (<60 years; SD)RMSE of A2 (≥60 years; SD)RMSE of A2 (<60 years; SD)

7.21 (0.2)7.74 (0.45)10.88 (0.4)10.31 (0.67)Model 1

6.88 (0.21)7.43 (0.43)10.67 (0.38)9.78 (0.63)Model 2

6.76 (0.22)7. 33 (0.44)10.61 (0.39)9.99 (0.66)Model 3

aRMSE: root mean square error.

After considering all the aforementioned, we selected model 2
based on algorithm 2 as the best prediction model. Table 3
shows the final prediction equation of the multiple linear
regression model. SBP and DBP are in direct proportion to
PWV and BMI. The influence of PWV on SBP and DBP was

more apparent in those aged <60 years than in those aged ≥60
years, so was BMI (Table 3). PWV contributed the most to BP
prediction, followed by BMI and age (Figure 4). Model 3, which
used 17 variables, also had the greatest influence of PWV
(Multimedia Appendix 1).
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Table 3. Final prediction equation from model 2 built in algorithm 2.

Age ≥60 yearsAge <60 yearsBlood pressure and variables

P valueNonstandardized regression coefficientP valueNonstandardized regression coefficient

Systolic blood pressure

<.00168.3969.00229.9756Constant

<.0010.0304<.0010.0487PWVa average (cm/s)

.02–0.1669.46–0.0882Age (years)

<.0010.8606<.0011.2876BMI (kg/m2)

Diastolic blood pressure

<.00169.9290.1211.4629Constant

<.0010.0149<.0010.0322PWV average (cm/s)

<.001–0.3990.470.0653Age (years)

<.0010.5076<.0010.9057BMI (kg/m2)

aPWV: pulse wave velocity.

Figure 4. Relative explanatory power (R2) between the variables of the final model in the model development cohort. PWV: pulse wave velocity;
RMSE: root mean square error.

Assessment for the Performance of BP Prediction
To evaluate the performance of the final prediction model,
criteria provided by the AAMI and the BHS were applied. All
of AAMI’s criteria were satisfied, and BHS’s criteria were only

met by the 60 years or older DBP with class A. Although our
prediction model did not meet the BHS criteria, it is still within
acceptable range for clinical use according to AAMI’s protocol
(Table 4).
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Table 4. AAMIa and BHSb grading of models with the data divided into three pressure categories.

BHSd absolute difference between standard and
test device (mmHg)

GradeAAMIc mean difference between stan-
dard and test device (mmHg), absolute
mean difference (SD)

Category and grade

≤15≤10≤5

Grading criteria

95%85%60%A≤5 (≤8)Passed

90%75%50%B≤5 (>8)Passed

85%65%40%C>5 (≤8)Passed

———eD>5 (>8)Failed

Age <60 years

93%83%43%C2.25 (7.69)SBPf (passed)

99%85%49%C3.05 (6.07)DBPg (passed)

Age ≥60 years

87%66%41%C1.33 (9.73)SBP (passed)

98%89%60%A0.09 (6.63)DBP (passed)

aAAMI: Association for the Advancement of Medical Instrumentation.
bBHS: British Hypertension Society.
cTo meet AAMI criteria, the mean difference between the device and the mercury standard must be ≤5 mmHg or the SD must be ≤8 mmHg.
dTo meet BHS criteria, devices must achieve a grade of at least B for both systolic and diastolic measurements. Grade A denotes greatest agreement
with mercury standard and D denotes least agreement.
eWorse than a C.
fSBP: systolic blood pressure.
gDBP: diastolic blood pressure.

Discussion

Principal Findings
About 30% of the world’s deaths are caused by CVD [16].
Among the risk factors for CVD, high BP is one of the most
common causes of premature cardiovascular death, but it is
modifiable [17]. Every 10 mmHg reduction of SBP can reduce
the risk of major CVD events: 17% reduction in coronary heart
disease, 27% reduction in stroke, 28% reduction in heart failure,
and 13% reduction in all-cause mortality [18]. All global
guidelines recommend strict control of BP, and the accurate
measurement of BP is the first step in BP management.

Most people measure BP in the office, but the office BP is
relatively inaccurate compared to other measurement methods
due to many factors such as cuff size, patient’s position, and
emotional state. Therefore, recent guidelines recommend other
methods of BP measurement such as ambulatory or home BP
monitoring [19,20]. However, ambulatory BP monitoring is not
easy to obtain since not all clinics have special devices. In
addition, it is not comfortable for patients to cover their upper
arms for a 24-hour duration with programmed inflating cuff in
daily life. Home BP monitoring can obtain more accurate values
than office BP because it is measured in stable states in most
cases. However, there is still a limitation in getting continuous
BP.

Recently, continuous BP monitoring with PTT and PWV was
developed to compensate for the weaknesses of conventional
BP measurement methods. Many attempts have been made
using wearable devices attached to chest, ear, or wrist for
continuous monitoring. However, previous studies were small
in a sample size of less than 500 patients, and there was no study
to evaluate the relative importance of clinical variables in
predicting BP. We made BP predicting models using PWV and
clinical data based on a large-scale population of over a thousand
and evaluated the relative importance of the clinical variables.

After creating various types of BP predicting models, we
concluded that the performance of the models was better in
age-based stratification since the cardiovascular system changes
as the age increases. The prevalence of hypertension is 30% to
45% in adults, and hypertension becomes progressively more
common with age. Over 60% of people aged older than 60 years
are diagnosed with hypertension [1]. Moreover, with or without
hypertension, SBP and DBP tend to change differently with
aging. DBP tends to increase until the age of 60 years and
decrease after this age, but SBP increases continuously even
after the age of 60 years [21]. This phenomenon is attributed to
increasing stiffness of aortic wall caused by changing inert
elastic fibers. Increased stiffness of aortic wall results in increase
in PWV. Increase in PWV causes early reflection of pulse from
peripheral arterioles and augments pressure in late systole rather
than early diastole. This explains the constant increase in SBP
and decrease in DBP in those aged around 60 years [22]. One
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of the previous SBP prediction models showed better
performance when it was divided into age groups of younger
than 60 years and older than 60 years [23]. We created models
for both SBP and DBP separately in consideration of natural
vascular aging. Our prediction model for both SBP and DBP
had better performance when using algorithm 2, which was
stratified by the age of 60 years.

Although the exact etiology of primary hypertension remains
unclear, a number of risk factors are strongly and independently
associated with its development, including not only age but also
race, family history, obesity, diet, and physical activity [24,25].
In addition, many studies showed modifiable risk factors for
CVD such as smoking, diabetes mellitus, dyslipidemia, and
obesity, which are common in adults with hypertension because
these risk factors and hypertension share the mechanism of
pathophysiology. They found these risk factors affect BP
through overactivation of the renin angiotensin aldosterone
system and sympathetic nervous system, inhibition of the cardiac
natriuretic peptide system, and endothelial dysfunction.
Therefore, modification of cardiovascular risk factors may affect
BP [3]. We made model 3 using 17 variables including clinical
information. At the beginning, we expected model 3 would be
more accurate than model 2, as model 2 was nested from model
3. However, there was no significant difference in performance
between model 2 and model 3. For that reason, we adopted
model 2 for convenience because BMI and age are easy to obtain
in daily life.

Our final model, model 2 in algorithm 2, satisfied the criteria
of the AAMI by the mean of error, although it did not meet the
criteria of the BHS in absolute pressure difference. The
prediction errors were within the range of about 9 to 12 mmHg
that can occur with a gold standard mercury

sphygmomanometer. According to a previous validation survey
by O’Brian et al [26], only a few BP measuring devices met the
standards in both criteria. This study validated 21 commercially
available devices for the self-measurement of BP. Some BP
measuring devices were in grade D in the BHS standard, and
only five devices satisfied both standards [26]. Therefore, our
prediction model can be useful in practice.

In conclusion, stratification of age is important in developing
a BP prediction model with better accuracy. In addition, BP is
influenced predominantly by PWV, BMI, and age out of other
clinical factors. Our final model with minimal number of
variables would be efficient and feasible for predicting BP.

Limitation
This analysis was conducted among healthy male participants.
The study population included patients that were hypotensive
and hypertensive but excluded those taking antihypertensive
drugs. Further studies should be warranted on a diverse
population, including patients on antihypertensive medications
and female participants, and on the performance of PWV in
wider range of BPs.

The Health Promotion Center at Samsung Medical Center does
not request detailed medication information except for
hypertensive medication on the personal questionnaire for health
checkup. Receiving additional information on medication is
impossible, as this is a retrospective study. Accordingly, there
is some limitation in analyzing the effects of different types of
medication such as alpha-blockers or calcium channel blockers.
Further studies are needed including drug information.

Our prediction model was internally validated; however, this
model should be validated externally.

Acknowledgments
This study was supported by a National IT Industry Promotion Agency grant funded by the Ministry of Science and ICT, and
Ministry of Health and Welfare (project S1906-21-1001; Development Project of the Precision Medicine Hospital Information
System). This study was also supported by the Technology Innovation Program (program 20005021: Establishment of
Standardization and Anonymization Guidelines Based on a Common Data Model; program 20011642: common data model–based
algorithm for treatment protocol service system development and spread), which was funded by the Ministry of Trade, Industry
and Energy in Korea.

Conflicts of Interest
None declared.

Multimedia Appendix 1
Relative explanatory power (R<sup>2</sup>) between the 17 variables in the model development cohort.
[DOCX File , 119 KB-Multimedia Appendix 1]

References

1. Williams B, Mancia G, Spiering W, Agabiti Rosei E, Azizi M, Burnier M, ESC Scientific Document Group. 2018 ESC/ESH
Guidelines for the management of arterial hypertension. Eur Heart J 2018 Sep 01;39(33):3021-3104. [doi:
10.1093/eurheartj/ehy339] [Medline: 30165516]

2. Lee H, Shin J, Kim G, Park S, Ihm S, Kim HC, et al. 2018 Korean Society of Hypertension Guidelines for the management
of hypertension: part II-diagnosis and treatment of hypertension. Clin Hypertens 2019;25:20 [FREE Full text] [doi:
10.1186/s40885-019-0124-x] [Medline: 31388453]

JMIR Med Inform 2021 | vol. 9 | iss. 12 | e29212 | p. 9https://medinform.jmir.org/2021/12/e29212
(page number not for citation purposes)

Park et alJMIR MEDICAL INFORMATICS

XSL•FO
RenderX

https://jmir.org/api/download?alt_name=medinform_v9i12e29212_app1.docx&filename=5b18dc7aad3c56d29b96419a22bdd0c9.docx
https://jmir.org/api/download?alt_name=medinform_v9i12e29212_app1.docx&filename=5b18dc7aad3c56d29b96419a22bdd0c9.docx
http://dx.doi.org/10.1093/eurheartj/ehy339
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=30165516&dopt=Abstract
https://clinicalhypertension.biomedcentral.com/articles/10.1186/s40885-019-0124-x
http://dx.doi.org/10.1186/s40885-019-0124-x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=31388453&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/


3. Whelton PK, Carey RM, Aronow WS, Casey DE, Collins KJ, Dennison Himmelfarb C, et al. 2017
ACC/AHA/AAPA/ABC/ACPM/AGS/APhA/ASH/ASPC/NMA/PCNA Guideline for the Prevention, Detection, Evaluation,
and Management of High Blood Pressure in Adults: A Report of the American College of Cardiology/American Heart
Association Task Force on Clinical Practice Guidelines. J Am Coll Cardiol 2018 May 15;71(19):e127-e248 [FREE Full
text] [doi: 10.1016/j.jacc.2017.11.006] [Medline: 29146535]

4. Muntner P, Shimbo D, Carey RM, Charleston JB, Gaillard T, Misra S, et al. Measurement of blood pressure in humans: a
scientific statement from the American Heart Association. Hypertension 2019 May;73(5):e35-e66 [FREE Full text] [doi:
10.1161/HYP.0000000000000087] [Medline: 30827125]

5. Park J, Yang S, Sohn J, Lee J, Lee S, Ku Y, et al. Cuffless and continuous blood pressure monitoring using a single
chest-worn device. IEEE Access 2019;7:135231-135246. [doi: 10.1109/access.2019.2942184]

6. Solá J, Proença M, Chételat O. Wearable PWV technologies to measure blood pressure: eliminating brachial cuffs. Annu
Int Conf IEEE Eng Med Biol Soc 2013;2013:4098-4101. [doi: 10.1109/EMBC.2013.6610446] [Medline: 24110633]

7. Holz C, Wang EJ. Glabella: continuously sensing blood pressure behavior using an unobtrusive wearable device. Proc
ACM Interactive Mobile Wearable and Ubiquitous Technologies 2017 Sep 11;1(3):1-23. [doi: 10.1145/3132024]

8. Carek AM, Conant J, Joshi A, Kang H, Inan OT. SeismoWatch: wearable cuffless blood pressure monitoring using pulse
transit time. Proc ACM Interact Mob Wearable Ubiquitous Technol 2017 Sep;1(3):40 [FREE Full text] [doi:
10.1145/3130905] [Medline: 30556049]

9. Heartisans. URL: https://www.heartisans.com/ [accessed 2020-08-10]
10. Carek A, Holz C. Naptics: convenient and continuous blood pressure monitoring during sleep. Proc ACM Interactive Mobile

Wearable Ubiquitous Technologies 2018 Sep 18;2(3):1-22. [doi: 10.1145/3264906]
11. Gesche H, Grosskurth D, Küchler G, Patzak A. Continuous blood pressure measurement by using the pulse transit time:

comparison to a cuff-based method. Eur J Appl Physiol 2012 Jan;112(1):309-315. [doi: 10.1007/s00421-011-1983-3]
[Medline: 21556814]

12. Wong MY, Poon CC, Zhang Y. An evaluation of the cuffless blood pressure estimation based on pulse transit time technique:
a half year study on normotensive subjects. Cardiovasc Eng 2009 Mar;9(1):32-38. [doi: 10.1007/s10558-009-9070-7]
[Medline: 19381806]

13. Thomas D, Zumbo B, Kwan E, Schweitzer L. On Johnson's (2000) relative weights method for assessing variable importance:
a reanalysis. Multivariate Behav Res 2014;49(4):329-338. [doi: 10.1080/00273171.2014.905766] [Medline: 26765801]

14. American National Standards Institute. American National Standard for Electronic Or Automated Sphygmomanometers.
Arlington, VA: AAMI; 1987:1-25.

15. O'Brien E, Petrie J, Littler W, de Swiet M, Padfield PL, O'Malley K, et al. The British Hypertension Society protocol for
the evaluation of automated and semi-automated blood pressure measuring devices with special reference to ambulatory
systems. J Hypertens 1990 Jul;8(7):607-619. [doi: 10.1097/00004872-199007000-00004] [Medline: 2168451]

16. Chopra H, Ram CVS. Recent guidelines for hypertension. Circ Res 2019 Mar 29;124(7):984-986. [doi:
10.1161/circresaha.119.314789]

17. Tackling G, Borhade M. Hypertensive Heart Disease. Treasure Island, FL: StatPearls; Jan 2021.
18. Ettehad D, Emdin CA, Kiran A, Anderson SG, Callender T, Emberson J, et al. Blood pressure lowering for prevention of

cardiovascular disease and death: a systematic review and meta-analysis. Lancet 2016 Mar 05;387(10022):957-967. [doi:
10.1016/S0140-6736(15)01225-8] [Medline: 26724178]

19. Daskalopoulou SS, Rabi DM, Zarnke KB, Dasgupta K, Nerenberg K, Cloutier L, et al. The 2015 Canadian Hypertension
Education Program recommendations for blood pressure measurement, diagnosis, assessment of risk, prevention, and
treatment of hypertension. Can J Cardiol 2015 May;31(5):549-568. [doi: 10.1016/j.cjca.2015.02.016] [Medline: 25936483]

20. Parati G, Stergiou G, O'Brien E, Asmar R, Beilin L, Bilo G, European Society of Hypertension Working Group on Blood
Pressure Monitoring and Cardiovascular Variability. European Society of Hypertension practice guidelines for ambulatory
blood pressure monitoring. J Hypertens 2014 Jul;32(7):1359-1366. [doi: 10.1097/HJH.0000000000000221] [Medline:
24886823]

21. Franklin SS, Gustin W, Wong ND, Larson MG, Weber MA, Kannel WB, et al. Hemodynamic patterns of age-related
changes in blood pressure. The Framingham Heart Study. Circulation 1997 Jul 01;96(1):308-315. [doi:
10.1161/01.cir.96.1.308] [Medline: 9236450]

22. O'Rourke MF, Nichols WW. Aortic diameter, aortic stiffness, and wave reflection increase with age and isolated systolic
hypertension. Hypertension 2005 Apr;45(4):652-658. [doi: 10.1161/01.HYP.0000153793.84859.b8] [Medline: 15699456]

23. Suzuki S, Oguri K. Cuffless and non-invasive systolic blood pressure estimation for aged class by using a
photoplethysmograph. 2008 Presented at: 30th Annual International Conference of the IEEE Engineering in Medicine and
Biology Society; August 20-25, 2008; Vancouver, BC p. 1327-1330. [doi: 10.1109/iembs.2008.4649409]

24. Forman JP, Stampfer MJ, Curhan GC. Diet and lifestyle risk factors associated with incident hypertension in women. JAMA
2009 Jul 22;302(4):401-411 [FREE Full text] [doi: 10.1001/jama.2009.1060] [Medline: 19622819]

25. Wang N, Young JH, Meoni LA, Ford DE, Erlinger PT, Klag JM. Blood pressure change and risk of hypertension associated
with parental hypertension: the Johns Hopkins Precursors Study. Arch Intern Med 2008 Mar 24;168(6):643-648. [doi:
10.1001/archinte.168.6.643] [Medline: 18362257]

JMIR Med Inform 2021 | vol. 9 | iss. 12 | e29212 | p. 10https://medinform.jmir.org/2021/12/e29212
(page number not for citation purposes)

Park et alJMIR MEDICAL INFORMATICS

XSL•FO
RenderX

https://linkinghub.elsevier.com/retrieve/pii/S0735-1097(17)41519-1
https://linkinghub.elsevier.com/retrieve/pii/S0735-1097(17)41519-1
http://dx.doi.org/10.1016/j.jacc.2017.11.006
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29146535&dopt=Abstract
https://www.ahajournals.org/doi/abs/10.1161/HYP.0000000000000087?url_ver=Z39.88-2003&rfr_id=ori:rid:crossref.org&rfr_dat=cr_pub%3dpubmed
http://dx.doi.org/10.1161/HYP.0000000000000087
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=30827125&dopt=Abstract
http://dx.doi.org/10.1109/access.2019.2942184
http://dx.doi.org/10.1109/EMBC.2013.6610446
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24110633&dopt=Abstract
http://dx.doi.org/10.1145/3132024
http://europepmc.org/abstract/MED/30556049
http://dx.doi.org/10.1145/3130905
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=30556049&dopt=Abstract
https://www.heartisans.com/
http://dx.doi.org/10.1145/3264906
http://dx.doi.org/10.1007/s00421-011-1983-3
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21556814&dopt=Abstract
http://dx.doi.org/10.1007/s10558-009-9070-7
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19381806&dopt=Abstract
http://dx.doi.org/10.1080/00273171.2014.905766
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26765801&dopt=Abstract
http://dx.doi.org/10.1097/00004872-199007000-00004
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=2168451&dopt=Abstract
http://dx.doi.org/10.1161/circresaha.119.314789
http://dx.doi.org/10.1016/S0140-6736(15)01225-8
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26724178&dopt=Abstract
http://dx.doi.org/10.1016/j.cjca.2015.02.016
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25936483&dopt=Abstract
http://dx.doi.org/10.1097/HJH.0000000000000221
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24886823&dopt=Abstract
http://dx.doi.org/10.1161/01.cir.96.1.308
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=9236450&dopt=Abstract
http://dx.doi.org/10.1161/01.HYP.0000153793.84859.b8
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15699456&dopt=Abstract
http://dx.doi.org/10.1109/iembs.2008.4649409
http://europepmc.org/abstract/MED/19622819
http://dx.doi.org/10.1001/jama.2009.1060
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=19622819&dopt=Abstract
http://dx.doi.org/10.1001/archinte.168.6.643
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18362257&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/


26. O'Brien E, Waeber B, Parati G, Staessen J, Myers M. Blood pressure measuring devices: recommendations of the European
Society of Hypertension. BMJ 2001 Mar 03;322(7285):531-536 [FREE Full text] [doi: 10.1136/bmj.322.7285.531] [Medline:
11230071]

Abbreviations
AAMI: American Association for the Advancement of Medical Instrumentation
BHS: British Hypertension Society
BP: blood pressure
CRP: C-reactive protein
CVD: cardiovascular disease
DBP: diastolic blood pressure
HbA1c: hemoglobin A1c

HDL: high-density lipoprotein
HR: heart rate
IRB: Institutional Review Board
LDL: low-density lipoprotein
PTT: pulse transit time
PWV: pulse wave velocity
RMSE: root mean squared error
SBP: systolic blood pressure
WBC: white blood cell count

Edited by C Lovis; submitted 30.03.21; peer-reviewed by K Ho; comments to author 25.07.21; revised version received 06.08.21;
accepted 24.09.21; published 08.12.21

Please cite as:
Park D, Cho SJ, Kim K, Woo H, Kim JE, Lee JY, Koh J, Lee J, Choi JS, Chang DK, Choi YH, Chung JI, Cha WC, Jeong OS, Jekal
SY, Kang M
Prediction Algorithms for Blood Pressure Based on Pulse Wave Velocity Using Health Checkup Data in Healthy Korean Men:
Algorithm Development and Validation
JMIR Med Inform 2021;9(12):e29212
URL: https://medinform.jmir.org/2021/12/e29212
doi: 10.2196/29212
PMID:

©Dohyun Park, Soo Jin Cho, Kyunga Kim, Hyunki Woo, Jee Eun Kim, Jin-Young Lee, Janghyun Koh, JeanHyoung Lee, Jong
Soo Choi, Dong Kyung Chang, Yoon-Ho Choi, Ji In Chung, Won Chul Cha, Ok Soon Jeong, Se Yong Jekal, Mira Kang. Originally
published in JMIR Medical Informatics (https://medinform.jmir.org), 08.12.2021. This is an open-access article distributed under
the terms of the Creative Commons Attribution License (https://creativecommons.org/licenses/by/4.0/), which permits unrestricted
use, distribution, and reproduction in any medium, provided the original work, first published in JMIR Medical Informatics, is
properly cited. The complete bibliographic information, a link to the original publication on https://medinform.jmir.org/, as well
as this copyright and license information must be included.

JMIR Med Inform 2021 | vol. 9 | iss. 12 | e29212 | p. 11https://medinform.jmir.org/2021/12/e29212
(page number not for citation purposes)

Park et alJMIR MEDICAL INFORMATICS

XSL•FO
RenderX

http://europepmc.org/abstract/MED/11230071
http://dx.doi.org/10.1136/bmj.322.7285.531
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=11230071&dopt=Abstract
https://medinform.jmir.org/2021/12/e29212
http://dx.doi.org/10.2196/29212
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

