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Abstract
Background: The Veteran Administration (VA) Office of Patient-Centered Care and Cultural Transformation is invested in
improving veteran health through a whole-person approach while taking advantage of the electronic resources suite available
through the VA. Currently, there is no standardized process to collect and integrate electronic patient-reported outcomes (ePROs)
of complementary and integrative health (CIH) into clinical care using a web-based survey platform. This quality improvement
project enrolled veterans attending CIH appointments within a VA facility and used web-based technologies to collect ePROs.
Objective: This study aimed to (1) determine a practical process for collecting ePROs using patient email services and a
web-based survey platform and (2) conduct analyses of survey data using repeated measures to estimate the effects of CIH on
patient outcomes.
Methods: In total, 100 veterans from one VA facility, comprising 11 cohorts, agreed to participate. The VA patient email
services (Secure Messaging) were used to manually send links to a 16-item web-based survey stored on a secure web-based
survey storage platform (Qualtrics). Each survey included questions about patient outcomes from CIH programs. Each cohort
was sent survey links via Secure Messaging (SM) at 6 time points: weeks 1 through 4, week 8, and week 12. Process evaluation
interviews were conducted with five primary care providers to assess barriers and facilitators to using the patient-reported outcome
survey in usual care.
Results: This quality improvement project demonstrated the usability of SM and Qualtrics for ePRO collection. However, SM
for ePROs was labor intensive for providers. Descriptive statistics on health competence (2-item Perceived Health Competence
Scale), physical and mental health (Patient-Reported Outcomes Measurement Information System Global-10), and stress (4-item
Perceived Stress Scale) indicated that scores did not significantly change over time. Survey response rates varied (18/100,
18.0%-42/100, 42.0%) across each of the 12 weekly survey periods. In total, 74 of 100 participants provided ≥1 survey, and 90%
(66/74) were female. The majority, 62% (33/53) of participants, who reported the use of any CIH modality, reported the use of
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two or more unique modalities. Primary care providers highlighted specific challenges with SM and offered solutions regarding
staff involvement in survey implementation.
Conclusions: This quality improvement project informs our understanding of the processes currently available for using SM
and web-based data platforms to collect ePROs. The study results indicate that although it is possible to use SM and web-based
survey platforms for ePROs, automating scheduled administration will be necessary to reduce provider burden. The lack of
significant change in ePROs may be due to standard measures taking a biomedical approach to wellness. Future work should
focus on identifying ideal ePRO processes that would include standardized, whole-person measures of wellness.
(JMIR Med Inform 2020;8(6):e15609) doi: 10.2196/15609
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Introduction
Background
The Veterans Health Administration (VHA) is committed to
increasing the use of health information technology (HIT) to
promote personalized and patient-driven health services,
including complementary and integrative health (CIH) [1]. The
integration of HIT has the potential to increase quality and
access to CIH, enhance patient outcomes, increase efficiency,
and decrease costs [2,3]. Effective implementation of integrated
HIT, such as telehealth and electronic health records, is a priority
for the VHA [4].
The VHA prioritizes access to CIH [5,6]. Complementary
treatment is based on Eastern medicine philosophies and
includes a variety of modalities, including but not limited to
yoga, mindfulness, and acupuncture [7]. Integrative health is
the use of both Western or traditional treatments in combination
with complementary treatments [8]. Integrative health tends to
lower any power differential between patient and provider as
well as focus on contextual health [8]. Recent VHA programs
focus on improving access to CIH modalities for all veterans,
making integration of CIH into health plans a priority within
the VHA [1,6].
Within the VHA, HIT for health care delivery is not only
beneficial for providers and their delivery of health care services
but is also advantageous for meeting patient-specific needs.
Using HIT for health care delivery facilitates timely reporting
of outcomes (ie, improves recall accuracy) and eliminates the
potential for misplaced documentation. The process empowers
patients to make informed health care decisions, improves
patient satisfaction, and streamlines organizational processes
that, historically, were barriers to the delivery of health care
services [9]. Electronic health communication systems have
improved clinical effectiveness and enhanced communication
between patients and providers [10]. Patients managing chronic
conditions have reported satisfaction in web-based reporting
systems that facilitate effective communication of biomedical
metrics (eg, blood pressure and weight) [11]. Recent studies
have demonstrated the usability and implementation of HIT
platforms to collect electronic patient-reported outcomes
(ePROs), such as biomedical metrics for disease management
[12-14].
Patient-centered outcome measures for CIH are increasingly
important as the use of nontraditional therapies and treatments
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increases in clinical settings [15]. Several research studies
support the advantages of collecting ePROs through mobile
technology application, secure messaging (SM), or text
messaging [16-18], but there is little published research on the
use of HIT to collect CIH-related ePROs within the unique
Veteran Administration (VA) system [19]. There is a need to
develop a practical process for collecting and integrating ePROs
to improve patient care within the VHA [20-22].

Objectives
This study aimed to (1) determine a practical process for
collecting and integrating ePROs using SM and a web-based
survey platform and (2) conduct analyses of pilot survey data
using repeated measures to estimate the effects of CIH on patient
outcomes. This paper provides lessons learned from the
implementation of ePRO survey methods within the VA.

Methods
Design
This 1-year pilot project engaged veterans attending CIH
appointments within one VA facility. We used process
documentation, quantitative repeated measures surveys, and
qualitative interviews to meet project objectives.

Veterans Sample
This project used a convenience sample. Project team members
reached out to local primary care providers (PCPs; N=21) who
were known to make referrals to CIH program services at the
project site. These PCPs were identified as early adopters in the
CIH program. Early adopter PCPs were asked to provide a list
of potential participants who participated in at least one CIH
program or activity at the project site based on their personal
knowledge of veteran wellness activities.
Of the responsive providers (n=5), a participant pool of 227
veterans was identified. The project site had a robust integrative
health program at the time of participant pool identification.
Providers often used referral to the integrative health program
as a proxy for the inclusion criteria of the CIH program or
activity participation. Additionally, at the time of participant
pool identification, providers based their list of potential
participants on general knowledge of veterans having used CIH
program services in the recent past. Between participant pool
identification and completion of recruitment, up to four months
had passed, generating a subgroup of participants that were no
longer participating in CIH programs during the project. Our
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final convenience sample of 100 veterans was recruited via
telephone to participate in the project based on the following
inclusion criteria: (1) participated in at least one CIH program
or activity at the project site and (2) had access to SM to
complete the web-based surveys.
Two electronic messaging platforms for data collection were
identified by operational partners and clinical providers: SM,
a messaging platform provided to veterans through
MyHealtheVet (a veteran-facing health care portal), and ANNIE,
a mobile app that allows messaging, alerts, and push
notifications, and can send messages to mobile phones that are
not smartphones. ANNIE was not accessible for utilization at
the time of project implementation. Owing to the unavailability
of ANNIE, only the SM web-based platform was used. SM, as
a messaging service, requires its own unique set of processes
to send individual messages to each veteran in the project. We
developed a customized protocol for using SM to collect and
integrate ePROs, which was tested in this project.
Participants were grouped into cohorts to facilitate data
collection. Each cohort was the result of the project team making
telephone calls once per week (typically Friday). Participants
who agreed to participate were included in that week’s cohort
and notified of the intent of the study, number and frequency
of assessments, time burden for each assessment, and the need
to access their SM account routinely (typically Monday). Thus,
a cohort consisted of veterans who received electronic requests
for survey completion at the same time points. The 11 cohorts
ranged in size from 2 to 21 participants, with more participants
in the initial cohorts and fewer in the latter cohorts, with an
average cohort size of 9. Process evaluation interviews were
conducted with 5 PCPs involved in the SM implementation of
the ePRO survey to assess the acceptability, appropriateness,
and feasibility of using SM to direct veterans to the web-based
ePRO survey in future VA sites.

Data Collection Procedure
The effects of CIH activities may change over time and are
often measured at variable time points [23]. As such, all
participants within a cohort were sent the survey link via SM
at 6 time points: weeks 1 through 4, week 8, and week 12. The
time points were selected to evaluate both short- (1-4 weeks)
and long-term (week 8 and week 12) assessment of ePRO
responses. The initial weekly assessments were used not only
to capture an initial change in ePROs (based on new
participation in CIH activities) but also to test the use of weekly
survey links (eg, how to distinguish survey links and reminders,
and how to manage data). More than six time points were
considered potentially burdensome for the participants. Rolling
enrollment and sending of SM links occurred over a 25-week
period. Each participant was sent an SM message with a link
and a unique personal identification number at the beginning
of each week and again 3 days later to nonrespondents. Each
link contained a web-based survey consisting 16 items from the
scales described in the Scales section below as well as items to
indicate the types of CIH programs in which the participant was
currently participating. Survey data were collected and managed
via Qualtrics), a web-based survey platform.
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Process evaluation interviews were conducted via telephone.
One researcher conducted the interview, and another researcher
took extensive notes on this interview, capturing as much
verbatim information as possible. Interviews lasted
approximately 30 min and focused on capturing stakeholders’
perspectives on the acceptability, appropriateness, and feasibility
of using the ePRO survey with veterans receiving CIH services
through the SM platform. Our conceptual framework is derived
from the categorization of implementation outcomes by Proctor
et al [24], the implementation outcomes framework. We
specifically assessed (1) acceptability or the extent to which
adopting the ePRO survey is agreeable, palatable, or satisfactory
among key stakeholders; (2) appropriateness, the perceived fit,
relevance, or compatibility of the innovation or evidence-based
practice for VA primary care providers and staff; and (3)
feasibility or the extent to which the ePRO survey can be
successfully used or carried out within VA primary care.

Scales
Participants completed a 16-item web-based survey consisting
of items that measured health competence on the 2-item
Perceived Health Competence Scale (PHCS-2), physical and
mental health on the 10-item Patient Reported Outcome
Measurement Information System (PROMIS-10), and perceived
stress on the 4-item Perceived Stress Scale 4 (PSS-4). These
scales were chosen to obtain data across a broad range of
patient-reported health outcomes, in which CIH modalities may
have an impact. Survey links did not have an expiration time
designated so they could be completed as assigned or at any
point during the project. Demographic data were extracted from
the electronic medical records of all participants.
The PHCS-2 is a balanced subscale consisting of 2 questions
(1 positively worded and 1 negatively worded) chosen from the
larger 8-item PHCS and measures the degree to which an
individual feels capable of reasonably managing his or her own
health outcomes. The PHCS has previously shown to be a valid
and reliable measure of health competence [25]. Total scores
range from 2 to 10, with higher scores reflecting increased
perceived health competence.
The PROMIS-10 short form consists of 10 items that assess the
general domains of physical and mental health and functioning.
PROMIS was developed and validated by investigators at the
National Institutes of Health to provide clinicians and
researchers with accessible item banks to measure
patient-reported health status [26,27]. Raw scores for the
physical and mental domains ranged between 4 and 20. Higher
scores reflect better physical and mental functioning.
The PSS-4 measures the degree to which situations in one’s life
over the past month are appraised as stressful. Items were
designed to detect how unpredictable, uncontrollable, and
overloaded respondents find their lives. PSS-4 was derived from
the longer PSS-14 [28]. As the questions are of a general nature
and are not directed at any particular subpopulation, using the
abbreviated version (or any version) with a diverse population
is predicted to yield equally reliable results. The score ranges
from 0 to 16, with higher scores representing more stress.
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Data Analysis
Data are presented as mean (SD) for continuous data and
frequencies and percentages for categorical data. Chi-square
tests and two-tailed t tests were used to compare demographics
between survey responders and nonresponders. Survey response
rates were considered a measure of ePRO collection process
feasibility, with a focus on practicality [29]. Survey response
rates were defined as the percentage of participants who
responded to at least one survey question over the examination
period. We also examined the length of time to completion and
completeness of responses to the scale items (PHCS-2,
PROMIS-10, and PSS-4). Final scores for the scales were
calculated and used in the analyses only when all items were
complete. A sensitivity analysis of multiple imputation of
missing items indicated no change in conclusions, so we retained
only the complete survey data for analysis. Linear mixed effects
analysis was conducted separately for each PRO measure to
analyze within-subject changes in responses over time. This
procedure considers the correlation that occurs for repeated
measurements and can handle when the number of assessments
is unequal between subjects. All models included fixed effects
for time, age, gender, race, and Hispanic ethnicity and an
indicator of any CIH use as well as a random intercept. The
change in each scale over time did not significantly vary
between subjects, so a random effect of time was not included
in the models. A P value <.05 was used to assess significance.
Analyses were performed using SAS software, version 9.4.
Interview notes were analyzed using a directed content analysis
approach [30], through inductive open coding [31] to identify
themes related to our a priori framework of acceptability,
appropriateness, and feasibility [24] that arose through the
interviews. Two researchers coded each interview after it took
place, coding each set of notes independently and then meeting
to identify codes and collapse ideas into broader themes. All
coding took place using a discussion and consensus approach,
where discrepancies in coding were discussed, evidence was
presented, and then a consensus on the coding process occurred.
This process continued with each interview, and after the fifth
interview, when no new ideas emerged, the researchers
determined that saturation had been met, and no additional
interviews took place.

Results
Overview
Table 1 displays the participant characteristics. The mean age
was 54.7 (SD 9.4) years, and the majority were female (66/74,
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90%). The majority were white (49/74, 66%) and not Hispanic
or Latino (66/74, 89%). Despite disruption in link connectivity
access in earlier messages, 74/100 (74%) provided at least one
survey response, 53/100 (53%) provided at least two responses,
30/100 (30%) provided at least three responses, 13/100 (13%)
provided at least four responses, and 3/100 (3%) provided at
least five responses. However, only 2 participants responded to
all 6 surveys. Nonresponders were significantly younger than
responders (mean 49.0, SD 10.0 years vs 56.7, SD 8.4 years;
P<.001) and less likely to be white (46.2% vs 66.2%; P=.02)
but did not differ by gender (female 92.3% vs 89.2%; P=.65)
or Hispanic ethnicity (12.0% vs 10.8%; P=.87).
Response rates were lowest in week 1 (18%) and generally
increased in the subsequent weeks (24% for week 2, 34% in
week 4, and 33% in week 8). The highest response rate was in
the final week of participation, where 42% of participants
responded to the survey. This is commensurate with the
established expectations of response rates based on our previous
work [19,32]. The majority of responses (77.7%) were received
within one week with a median of 2 days (25th-75th percentile:
1-5 days) of the SM request to complete the survey.
A total of 74 participants responded to at least one of the survey
links sent to them via SM, resulting in 175 responses over the
data collection period. Of these, 150 (85.7%) were completed
for all 16 items from the 3 scales (PHCS-2, PROMIS-10, and
PSS-4). Completeness was lowest for the PROMIS-10 (153/175,
87.4%) and highest for the PHCS-2 (169/175, 96.6%), although
the PSS-4 was similar with a completeness of 168/175 (96.0%).
A total of 21 surveys were missing between 1 and 14 items
across the 3 scales, with the majority missing just 1 item (17/21,
81.0%). There were 2 surveys (1.1%) missing 1 item on the
PHCS-2, 16 surveys (9.1%) missing 1 item on the PROMIS-10,
and 1 survey (0.57%) missing 1 item on the PSS-4. There was
1 survey missing 2 items on the PROMIS-10 and 4 surveys
(2.3%) missing all 16 items from the 3 scales. One additional
survey was missing all items for the PROMIS-2, and 2 surveys
were missing all items for the PSS-4.
Descriptive statistics of the computed scores from each of the
scales are presented in Table 2. Least squares means (SE) for
each scale adjusted for age, gender, race, and Hispanic ethnicity
are displayed in the table with the corresponding N for each
scale (PROMIS-10, PSS-4, PHCS-2; the n values for the mental
and physical domains of the PROMIS-10 are the same). In the
mixed models, the linear fixed effect of time was not significant
for any of the scales, indicating that the scores did not change
over time. Age, gender, race, Hispanic ethnicity, and any CIH
use were not significant predictors in any of the models.
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Table 1. Participant characteristics.
Characteristics

Responders (n=74)

Nonresponders (n=26)

P valuea

Age (years), mean (SD)

56.7 (8.4)

49.0 (10.0)

<.001

66 (89.2)

24 (92.3)

.65

White

49 (66.2)

12 (46.2)

.02

Black

20 (27.0)

6 (23.1)

—b

Native American

1 (1.4)

0 (0.0)

.02

Asian

1 (1.4)

2 (7.7)

.02

Native Hawaiian

1 (1.4)

1 (3.8)

.02

Multiracial

0 (0.0)

2 (7.7)

.02

Unknown

2 (2.7)

3 (11.5)

.02

Sex, n (%)
Female
Race, n (%)

Ethnicity, n (%)

.87

Not Hispanic or Latino

66 (89.2)

22 (88.0)

Hispanic or Latino

8 (10.8)

3 (12.0)

Number of surveys completed, n (%)

a

—

1

21 (28.4)

N/Ac

2

23 (31.1)

N/A

3

17 (23.0)

N/A

4

10 (13.5)

N/A

5

1 (1.4)

N/A

6

2 (2.7)

N/A

P value from t tests, chi square tests, or Fisher exact tests.

b

Data unavailable.

c

N/A: not applicable.

Table 2. Least squares means of computed scores for each scale per week.
Scale

a

Week

P value

1 (n=18)

2 (n=24)

3 (n=23)

4 (n=31)

8 (n=31)

12 (n=42)

PHCS-2a, mean (SE)

6.8 (0.36)

6.5 (0.32)

6.6 (0.32)

6.0 (0.28)

6.4 (0.28)

6.6 (0.26)

.22

PROMIS-10b mental, mean (SE)

10.3 (0.56)

11.4 (0.51)

11.1 (0.50)

10.2 (0.46)

10.8 (0.47)

10.4 (0.44)

.09

PROMIS-10 physical, mean (SE)

12.0 (0.47)

11.2 (0.45)

11.3 (0.44)

11.2 (0.40)

11.8 (0.41)

11.3 (0.39)

.17

PSS-4c, mean (SE)

7.3 (0.54)

7.4 (0.50)

6.7 (0.50)

7.0 (0.46)

7.4 (0.46)

6.8 (0.44)

.44

PHCS-2: 2-item Perceived Health Competence Scale.

b

PROMIS-10: 10-item Patient Reported Outcome Measurement Information System.

c

PSS-4: 4-item Perceived Stress Scale 4.

Participants also reported their use of CIH modalities during
the 12-week period by responding to the question: “Please list
the whole health modalities you are currently engaged in. Please
check all that apply.” Overall, 53/74 (72%) of respondents
reported the use of at least one CIH modality during the 12
weeks. Some participants did not report participating in a CIH
program or activity at the time of the project, which may be due
to the time lag from participant pool identification and
http://medinform.jmir.org/2020/6/e15609/

XSL• FO
RenderX

recruitment of individual participants. The reported use of CIH
modalities increased over time, with 33/42 (79%) of respondents
reporting using at least one modality in week 12, but only 7/18
(39%) of respondents reported using any modality in week 1.
One participant reported using 12 different modalities in week
12. Over the 12 weeks, the majority, 33/53 (62%), of those that
reported any modality, reported the use of two or more unique
modalities (not including reporting of the same modality over
JMIR Med Inform 2020 | vol. 8 | iss. 6 | e15609 | p. 5
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subsequent weeks). Figure 1 shows the percentage of unique
modality use reported over the 12 weeks (removing duplicate
reports for the same modality by individual respondents) among
those that reported any modality use. Meditation and
mindfulness, nutritional or supplement counseling, wellness

Haun et al
visit, acupuncture, wellness program, physical activity (exercise)
counseling, progressive relaxation, chiropractic or osteopathic
manipulation, yoga, and integrative medicine physician or nurse
practitioner visit were the most frequently reported CIH
modalities.

Figure 1. Frequency of reported unique modality use among those who reported use of at least one modality (n=53). The x-axis represents the percentage
of patients reporting the modality shown on the y-axis.

Interviews
Interview data indicated that 4 main themes emerged from our
discussions with the PCPs involved in the ePRO
implementation: (1) SM can be burdensome for providers
(acceptability); (2) PCPs delegate SM duties to their staff, such
as registered nurses and licensed practical nurses, to make this
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process more feasible; (3) staff within the primary care clinic
are more appropriate for being involved in the ePRO survey
implementation; (4) veteran patients are often challenged with
using both SM and the ePRO survey, therefore making this
implementation less feasible for them. Table 3 highlights
representative quotes from the 5 PCPs mapped to each of these
themes.
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Table 3. Representative quotes from primary care providers.
Themes

Representative quotes

Secure messaging can be burdensome
on providers (lack of acceptability)

•
•
•
•

PCPsa delegate secure messaging duties •
b

c

to their staff (RNs and LPNs ; feasibili•
ty)
•

•
•

•

Staff (RN, LPN, and MSAd) would need •
to send out a survey on patient-reported
•
outcomes (appropriateness)
•
•
Veterans can face technological challenges (feasibility)

•
•
•

a

“For 6 months [I] didn’t have RN so duty fell to me. Crazy and not pleasant. This past year I had a
segment of time where RN was not effective so everything came to me anyway. My patients needed
a response so I did it.” (physician)
“I don’t see it being me. I’m a float and don’t have a panel…We’re busy so I don’t see another 16 secure
messages working. It wouldn’t go well for us.” (physician)
“I don’t mind once in a while but don’t want to do it from now until I retire…I have no admin time.
If there’s any extra admin then I have other things and I won’t be able to do it.” (physician)
“If you’re talking about any provider in the clinic doing that right now primary care physicians are
completely and totally over the top on what we have to do. Anything you propose as an addition will
not be met well.” (physician assistant)
“I’ve had nationally as designated an RN tasked do this [help out with secure messages] so all things
are filtered through there.” (physician)
“I have my RN and LPN who looks at secure messages for me. LPN takes care of sending out surveys
and stuff. She manages the secure messages and she’ll notify me if I need to look at secure messages.
She looks for me and sends out to appropriate person. Almost like triaging.” (physician)
“Depends on who on the team opens the secure messages. Different teams have different ways. On
my team my LPN is very efficient and skilled. She opens messages and knows to go to front clerk or
RN. If the message is too long, she comes up to me and says I emailed you and want you to respond
to it. She does that well.” (physician)
“A pain clinic RN forwards us secure messages, we respond, and she sends it back to patient.”
(physician)
“My RN gets me the message and many of the messages she answers without talking to me. She’ll
write back and ones that RN bumps over to me I see and attend to. And I’ll take care of it from there.
On the flip side, I can send secure messages to any of my patients and so can my nurse. Any one of
my patients on secure messaging. I can do that as can my nurse.” (physician assistant)
“If it’s a test result I feel ok to write to them or if it’s more complicated, I’d write back. If it’s not as
complicated, then RN takes care of that. She has some autonomy and many times she writes back, or
she asks me could you write to the patient or could you tell me what to say.” (physician assistant)
“Support staff. A well trained MSA could do that easily. At the end of the scheduled visit can send it
out.” (physician)
“I don’t see it being me. I’m a float and don’t have a panel. A pain clinic RN forwards us secure
messages, we respond, and she sends it back to patient.” (physician)
“LPN takes care of sending out surveys.” (physician)
“If it’s a survey question the RN or LPN or the team clerk could do that.” (physician assistant)
“My veterans who use secure messaging are avid users. Those who don’t use it, who forget and need
password; they struggle and that’s the only barrier I see. Non-users won’t be your friends.” (physician)
“Some Veterans did not know how to do this [secure messaging] and have difficulties because some
Veterans do not have computers at home. Veterans don’t know how to do this.” (physician)
“I have quite a few elderly patients who can’t use computers. Smart TV and YouTube are ok but
computer is not. Certain populations also have poverty and they don’t have access to a smart phone
and don’t want to go to the library for a computer.” (physician)

PCPs: primary care providers.

b

RNs: registered nurses.

c

LPNs: licensed practical nurses.

d

MSA: medical support assistant

Discussion
Principal Findings
Using electronic tools for survey administration and
dissemination, such as web-based survey platforms, secure
email, and text messaging, has the potential to enhance the
collection of ePROs by increasing the efficiency of reaching
larger populations and collecting data at multiple time points
without having to redirect valuable clinical time for data
collection. We sought to determine the feasibility of using an
SM platform tied to a web-based survey administration via
Qualtrics for the collection of ePROs at 6 time points over 12
http://medinform.jmir.org/2020/6/e15609/
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weeks within the context of VA regulations and systems.
Feasibility was assessed qualitatively and quantitatively within
the implementation outcomes framework using process
evaluation interviews among stakeholders, the duration of time
to completion, completeness of responses, and response rates.
Overall, of the 100 veterans recruited to participate, 74%
(74/100) of participants responded to at least one survey, with
53% (53/100) responding to more than one. However, only 1
participant responded to 5 of the 6 surveys, and only 2 responded
to all 6. We learned that, whereas longitudinal ePRO data
collection is possible, it is likely that participants will not
respond to all surveys requested.
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Weekly response rates (Table 2) increased over time, with the
highest response rate obtained in week 12 at 42.0% (42/100).
This is in keeping with previously published ePRO response
rates [20,21,33]. There are a couple of possible explanations
for this observation of later surveys achieving higher response
rates. First, there was a technical error in survey links sent during
the first few weeks of data collection. These technical errors
included dead URLs, which decreased response rates. During
weeks 6 through 8, a technical error was reported by some
participants who called and said they could not open the link.
Upon investigation, some users experienced dead short URL
links. There were no noted patterns or similarities to participants
that called to report such errors. We changed to a universal short
URL–generating website. No further calls from participants
reporting dead short URLs were received after changing to the
short URL–generating site. Such errors clearly impacted the
response rates. We learned that ensuring robust testing before
the implementation of an ePRO data collection process is
extremely important. Survey links were sent weekly for the first
4 weeks. Participant confusion about the completion of multiple
surveys and which surveys still needed to be completed may
have negatively impacted response rates, particularly when there
was short spacing between survey requests. Although the
majority of completed surveys were received within 1 week of
the SM request, late surveys may have overlapped with
subsequent SM requests. The increased response rate in week
12 may, in part, be due to the greater elapsed time between
requests.
We found that most surveys (150/175, 85.7%) were complete
for all items from the 3 scales, and of those missing items, the
majority (17/21, 81%) were only missing 1 item. Although the
degree of missing data was small, we learned that this could
inform the sample size needed for future research studies. We
did not observe a significant change in the computed scores
from the scales over the 12 weeks (Table 2). This may be due
to a wide variation in modality use among respondents,
including that some may have been inconsistent or not using
CIH services during the data collection. We did not have
baseline measures obtained before the receipt of initial CIH
services to evaluate the pre-post effect of CIH on PRO. With a
convenience sample size of 100, it is not possible to analyze
the effects of individual CIH interventions. Some participants
engaged in multiple CIH interventions, making it difficult to
isolate the effect of individual interventions. In addition, we
learned that the scales used (PHCS-2, PROMIS-10, and PSS-4)
may not have been best suited to capture changes in biosocial
constructs and whole-person wellness. For example, in the
Self-Assessment of Change questionnaire, the 18 paired terms
self-assessment measure, assesses not only physical, cognitive,
and emotional characteristics but also social, spiritual, and
whole-person characteristics. However, the original publication
on the PSS-4 [28] indicated that this was a valid measure of
stress, and despite being frequently used, recent publications
have suggested that the scale may lack internal consistency
[34,35]. We learned that future implementation of ePRO data
collection should consider utilizing other stress scales.
The small number of participants may also have contributed to
the inability to detect any change over time. Only 53 participants
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reported data at more than one time point. Allowing survey
links to expire would help to reduce overlap and prevent late
responses. Secure messages are available in the MyHealtheVet
portal, requiring participants to access the portal to see their
messages. Participants who did not access the portal regularly
did not receive their messages in a timely manner. In addition,
the staff time required to send SM was burdensome. We learned
the burden, due to the constant follow-up by the staff to ensure
that messages were being received, was a major limitation. The
staff had to keep track of when the last survey link was sent
using a customized Microsoft Access database and manually
send the next link by copying/pasting the Qualtrics
auto-generated link into the SM.
It is important to recognize the unique distribution of sex in this
participant group. Our group overwhelmingly comprised female
veterans. The national veteran population is 10% female [36].
This bias affects the ability to generalize project findings to the
broader veteran population. Women tend to be more likely to
respond to web-based surveys [37,38]. Our response rate may
well have been influenced by our mostly female group.
Additionally, female veterans are more likely to participate in
CIH activities [39].
This quality improvement project has limitations. First, using
a convenience sample may not provide the representativeness
that a random sample may provide. Our time from participant
pool identification to recruitment was extended, potentially
missing opportunities to engage participants. A timelier process
for reaching out to the participant pool may have provided a
more robust engagement. The personal connection between
study teams and participants tends to improve responsiveness
[33,38]. Participants did not have in-person contact with the
study team. This may decrease responsiveness to surveys [40].
The project experienced several technical glitches (described
earlier) that could have been avoided by testing processes before
implementation. The project also did not collect data that may
have further informed analysis (eg, frequency of computer use
to assess comfort with technology use). Future projects may
benefit from timely, personal outreach to potential participants,
assessment of comfort with technology, and vigorous testing
of processes before implementation.
Project findings and lessons learned can inform future research.
Future studies should explore the means of dissemination of
survey requests that have the capacity for automation to reduce
the potential for human and technical errors and reduce
workflow burden, which are more efficient for both the staff
and participants. In addition, the system should be able to
contact participants using their preferred means of
communication, whether that is an email address or a text
message. Future projects should also examine the optimal
spacing of ePRO longitudinal data collection to optimize
sensitivity to measures.

Conclusions
We demonstrated the feasibility of using SM for ePRO data
collection among veterans who have received CIH services;
although it is possible to use SM for ePROs, in the system’s
current state, it is not practical. Lack of automation, workflow
burden, and potential for human error make SM a cumbersome
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system to use when attempting to collect repeated measures
from large participant cohorts. Systems that offer customizable
features to automate administration on schedule are needed to
reduce the provider workflow burden and potential for human

Haun et al
error. These results can help inform future studies, including
sample size considerations, best practices for workflow and
automation, and ideal characteristics for messaging systems.

Acknowledgments
The Department of Veterans Affairs, VHA, and Office of Research and Development supported the development of this study.
This study was supported in part by the Complementary and Integrative Health Evaluation Center, a Quality Enhancement
Research Initiative within the Department of Veterans Affairs (VA), and the Office of Patient Centered Care and Cultural
Transformation, PEC 16-354. The contents of this paper do not represent the views of the Department of Veterans Affairs or the
US government.

Conflicts of Interest
None declared.

References
1.
2.

3.

4.

5.

6.

7.

8.
9.
10.

11.

12.

13.

14.

15.

Veterans Affairs. Whole Health URL: https://www.va.gov/PATIENTCENTEREDCARE/features/
Expanding_the_VA_Whole_Health_System.asp [accessed 2019-04-15]
Buntin MB, Burke MF, Hoaglin MC, Blumenthal D. The benefits of health information technology: a review of the recent
literature shows predominantly positive results. Health Aff (Millwood) 2011 Mar;30(3):464-471. [doi:
10.1377/hlthaff.2011.0178] [Medline: 21383365]
Rotondi AJ, Eack SM, Hanusa BH, Spring MB, Haas GL. Critical design elements of e-health applications for users with
severe mental illness: singular focus, simple architecture, prominent contents, explicit navigation, and inclusive hyperlinks.
Schizophr Bull 2015 Mar;41(2):440-448 [FREE Full text] [doi: 10.1093/schbul/sbt194] [Medline: 24375458]
Cohen AN, Chinman MJ, Hamilton AB, Whelan F, Young AS. Using patient-facing kiosks to support quality improvement
at mental health clinics. Med Care 2013 Mar;51(3 Suppl 1):S13-S20 [FREE Full text] [doi: 10.1097/MLR.0b013e31827da859]
[Medline: 23407006]
PRWeb. 2019. Pioneers of Whole Health Applaud Veteran's Administration Use of Whole Health and Whole Person Care
as Model for Future VA Healthcare Delivery URL: https://www.prweb.com/releases/2018/01/prweb15070456.htm [accessed
2019-04-15]
Krejci LP, Carter K, Gaudet T. Whole health: the vision and implementation of personalized, proactive, patient-driven
health care for veterans. Med Care 2014 Dec;52(12 Suppl 5):S5-S8. [doi: 10.1097/MLR.0000000000000226] [Medline:
25397823]
Barrett B, Marchand L, Scheder J, Plane MB, Maberry R, Appelbaum D, et al. Themes of holism, empowerment, access,
and legitimacy define complementary, alternative, and integrative medicine in relation to conventional biomedicine. J
Altern Complement Med 2003 Dec;9(6):937-947. [doi: 10.1089/107555303771952271] [Medline: 14736364]
Boon H, Verhoef M, O'Hara D, Findlay B. From parallel practice to integrative health care: a conceptual framework. BMC
Health Serv Res 2004 Jul 1;4(1):15 [FREE Full text] [doi: 10.1186/1472-6963-4-15] [Medline: 15230977]
Nazi KM. The journey to e-health: VA healthcare network upstate New York (VISN 2). J Med Syst 2003 Feb;27(1):35-45.
[doi: 10.1023/a:1021005111996] [Medline: 12617196]
Chumbler NR, Haggstrom D, Saleem JJ. Implementation of health information technology in veterans health administration
to support transformational change: telehealth and personal health records. Med Care 2011 Dec;49(Suppl):S36-S42. [doi:
10.1097/MLR.0b013e3181d558f9] [Medline: 20421829]
Pinney S, Otobo E, Freeman R, Rogers J, Fasihuddin F, Ramireddy K, et al. Use of electronic patient reported outcomes
and automated devices for heart failure disease management. iProc 2017 Sep 22;3(1):e24 [FREE Full text] [doi:
10.2196/iproc.8459]
Wintner LM, Giesinger JM, Zabernigg A, Rumpold G, Sztankay M, Oberguggenberger AS, et al. Evaluation of electronic
patient-reported outcome assessment with cancer patients in the hospital and at home. BMC Med Inform Decis Mak 2015
Dec 23;15:110 [FREE Full text] [doi: 10.1186/s12911-015-0230-y] [Medline: 26699708]
El Miedany Y, El Gaafary M, El Aroussy N, Bahlas S, Hegazi M, Palmer D, et al. Toward electronic health recording:
evaluation of electronic patient reported outcome measures (e-PROMs) system for remote monitoring of early systemic
lupus patients. Clin Rheumatol 2017 Nov;36(11):2461-2469. [doi: 10.1007/s10067-017-3675-9] [Medline: 28567555]
Gelhorn HL, Skalicky AM, Balantac Z, Eremenco S, Cimms T, Halling K, et al. Content validity and electronic PRO
(ePRO) usability of the lung cancer symptom scale-mesothelioma (LCSS-Meso) in mesothelioma patients. Support Care
Cancer 2018 Jul;26(7):2229-2238. [doi: 10.1007/s00520-018-4061-0] [Medline: 29392480]
Ritenbaugh C, Nichter M, Nichter MA, Kelly KL, Sims CM, Bell IR, et al. Developing a patient-centered outcome measure
for complementary and alternative medicine therapies I: defining content and format. BMC Complement Altern Med 2011
Dec 29;11:135 [FREE Full text] [doi: 10.1186/1472-6882-11-135] [Medline: 22206345]

http://medinform.jmir.org/2020/6/e15609/

XSL• FO
RenderX

JMIR Med Inform 2020 | vol. 8 | iss. 6 | e15609 | p. 9
(page number not for citation purposes)

JMIR MEDICAL INFORMATICS
16.

17.

18.

19.

20.

21.

22.

23.

24.

25.
26.

27.

28.
29.
30.
31.
32.

33.
34.
35.

36.
37.

Nundy S, Dick JJ, Goddu AP, Hogan P, Lu CY, Solomon MC, et al. Using mobile health to support the chronic care model:
developing an institutional initiative. Int J Telemed Appl 2012;2012:871925 [FREE Full text] [doi: 10.1155/2012/871925]
[Medline: 23304135]
Matthew-Maich N, Harris L, Ploeg J, Markle-Reid M, Valaitis R, Ibrahim S, et al. Designing, implementing, and evaluating
mobile health technologies for managing chronic conditions in older adults: a scoping review. JMIR Mhealth Uhealth 2016
Jun 9;4(2):e29 [FREE Full text] [doi: 10.2196/mhealth.5127] [Medline: 27282195]
Bauer V, Goodman N, Lapin B, Cooley C, Wang E, Craig TL, et al. Text messaging to improve disease management in
patients with painful diabetic peripheral neuropathy. Diabetes Educ 2018 Jun;44(3):237-248. [doi:
10.1177/0145721718767400] [Medline: 29589820]
Haun JN, Chavez M, Nazi K, Antinori N, Melillo C, Cotner BA, et al. Veterans' preferences for exchanging information
using veterans affairs health information technologies: focus group results and modeling simulations. J Med Internet Res
2017 Oct 23;19(10):e359 [FREE Full text] [doi: 10.2196/jmir.8614] [Medline: 29061553]
Bae WK, Kwon J, Lee HW, Lee S, Song E, Shim H, et al. Feasibility and accessibility of electronic patient-reported outcome
measures using a smartphone during routine chemotherapy: a pilot study. Support Care Cancer 2018 Nov;26(11):3721-3728.
[doi: 10.1007/s00520-018-4232-z] [Medline: 29732483]
Wallwiener M, Heindl F, Brucker S, Taran F, Hartkopf A, Overkamp F, et al. Implementation and feasibility of electronic
patient-reported outcome (ePRO) data entry in the PRAEGNANT real-time advanced and metastatic breast cancer registry.
Geburtshilfe Frauenheilkd 2017 Aug;77(8):870-878 [FREE Full text] [doi: 10.1055/s-0043-116223] [Medline: 28845051]
Howard JS, Toonstra JL, Meade AR, Whale Conley CE, Mattacola CG. Feasibility of conducting a web-based survey of
patient-reported outcomes and rehabilitation progress. Digit Health 2016;2:2055207616644844 [FREE Full text] [doi:
10.1177/2055207616644844] [Medline: 29942553]
Peterson K, Anderson J, Ferguson L, Mackey K. Evidence Brief: The Comparative Effectiveness of Selected Complementary
and Integrative Health (CIH) Interventions for Preventing or Reducing Opioid Use in Adults with Chronic Neck, Low
Back, and Large Joint Pain. Washington, DC: Department of Veterans Affairs; 2011.
Proctor E, Silmere H, Raghavan R, Hovmand P, Aarons G, Bunger A, et al. Outcomes for implementation research:
conceptual distinctions, measurement challenges, and research agenda. Adm Policy Ment Health 2011 Mar;38(2):65-76
[FREE Full text] [doi: 10.1007/s10488-010-0319-7] [Medline: 20957426]
Smith MS, Wallston KA, Smith CA. The development and validation of the perceived health competence scale. Health
Educ Res 1995 Mar;10(1):51-64. [doi: 10.1093/her/10.1.51] [Medline: 10150421]
Cella D, Yount S, Rothrock N, Gershon R, Cook K, Reeve B, PROMIS Cooperative Group. The patient-reported outcomes
measurement information system (PROMIS): progress of an NIH roadmap cooperative group during its first two years.
Med Care 2007 May;45(5 Suppl 1):S3-11 [FREE Full text] [doi: 10.1097/01.mlr.0000258615.42478.55] [Medline: 17443116]
Hays RD, Bjorner JB, Revicki DA, Spritzer KL, Cella D. Development of physical and mental health summary scores from
the patient-reported outcomes measurement information system (PROMIS) global items. Qual Life Res 2009
Sep;18(7):873-880 [FREE Full text] [doi: 10.1007/s11136-009-9496-9] [Medline: 19543809]
Cohen S, Kamarck T, Mermelstein R. A global measure of perceived stress. J Health Soc Behav 1983 Dec;24(4):385-396.
[Medline: 6668417]
Bowen DJ, Kreuter M, Spring B, Cofta-Woerpel L, Linnan L, Weiner D, et al. How we design feasibility studies. Am J
Prev Med 2009 May;36(5):452-457 [FREE Full text] [doi: 10.1016/j.amepre.2009.02.002] [Medline: 19362699]
Hsieh H, Shannon SE. Three approaches to qualitative content analysis. Qual Health Res 2005 Nov;15(9):1277-1288. [doi:
10.1177/1049732305276687] [Medline: 16204405]
Charmaz K. Constructing Grounded Theory. Thousand Oaks, CA: SAGE Publications; 2014.
Haun JN, Lind JD, Shimada SL, Martin TL, Gosline RM, Antinori N, et al. Evaluating user experiences of the secure
messaging tool on the veterans affairs' patient portal system. J Med Internet Res 2014 Mar 6;16(3):e75 [FREE Full text]
[doi: 10.2196/jmir.2976] [Medline: 24610454]
Sheehan K. E-mail survey response rates: a review. J Comput-Media Commun 2001;6(2). [doi:
10.1111/j.1083-6101.2001.tb00117.x]
Ingram PB, Clarke E, Lichtenberg JW. Confirmatory factor analysis of the perceived stress scale-4 in a community sample.
Stress Health 2016 Apr;32(2):173-176. [doi: 10.1002/smi.2592] [Medline: 24995556]
Ezzati A, Jiang J, Katz MJ, Sliwinski MJ, Zimmerman ME, Lipton RB. Validation of the perceived stress scale in a
community sample of older adults. Int J Geriatr Psychiatry 2014 Jun;29(6):645-652 [FREE Full text] [doi: 10.1002/gps.4049]
[Medline: 24302253]
Veterans Affairs. 2019. National Center for Veterans Analysis and Statistics URL: https://www.va.gov/vetdata/
Veteran_Population.asp [accessed 2019-09-27]
Smith G. ERIC - Education Resources Information Center. 2008. Does Gender Influence Online Survey Participation? A
Record-Linkage Analysis of University Faculty Online Survey Response Behavior URL: https://eric.ed.gov/?id=ED501717
[accessed 2020-06-10]

http://medinform.jmir.org/2020/6/e15609/

XSL• FO
RenderX

Haun et al

JMIR Med Inform 2020 | vol. 8 | iss. 6 | e15609 | p. 10
(page number not for citation purposes)

JMIR MEDICAL INFORMATICS
38.

39.

40.

Haun et al

Aerny-Perreten N, Domínguez-Berjón MF, Esteban-Vasallo MD, García-Riolobos C. Participation and factors associated
with late or non-response to an online survey in primary care. J Eval Clin Pract 2015 Aug;21(4):688-693. [doi:
10.1111/jep.12367] [Medline: 25929295]
Evans EA, Herman PM, Washington DL, Lorenz KA, Yuan A, Upchurch DM, et al. Gender differences in use of
complementary and integrative health by US Military veterans with chronic musculoskeletal pain. Womens Health Issues
2018;28(5):379-386 [FREE Full text] [doi: 10.1016/j.whi.2018.07.003] [Medline: 30174254]
Shih T, Fan X. Comparing response rates in e-mail and paper surveys: a meta-analysis. Educ Res Rev 2009 Jan;4(1):26-40.
[doi: 10.1016/j.edurev.2008.01.003]

Abbreviations
CIH: complementary and integrative health
ePRO: electronic patient-reported outcome
HIT: health information technology
PHCS-2: 2-item Perceived Health Competence Scale
PRO: patient reported outcomes
PROMIS-10: 10-item Patient Reported Outcome Measurement Information System
PSS-4: 4-item Perceived Stress Scale 4
SM: secure messaging
VA: Veteran Administration
VHA: Veterans Health Administration

Edited by G Eysenbach; submitted 23.07.19; peer-reviewed by L Garvin, V Subbian, J Kahn, B Smith, J Edwards; comments to author
19.08.19; revised version received 06.12.19; accepted 27.04.20; published 26.06.20
Please cite as:
Haun JN, Alman AC, Melillo C, Standifer M, McMahon-Grenz J, Shin M, Lapcevic WA, Patel N, Elwy AR
Using Electronic Data Collection Platforms to Assess Complementary and Integrative Health Patient-Reported Outcomes: Feasibility
Project
JMIR Med Inform 2020;8(6):e15609
URL: http://medinform.jmir.org/2020/6/e15609/
doi: 10.2196/15609
PMID: 32589163

©Jolie N Haun, Amy C Alman, Christine Melillo, Maisha Standifer, Julie McMahon-Grenz, Marlena Shin, W A Lapcevic, Nitin
Patel, A Rani Elwy. Originally published in JMIR Medical Informatics (http://medinform.jmir.org), 26.06.2020. This is an
open-access
article
distributed
under
the
terms
of
the
Creative
Commons
Attribution
License
(https://creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and reproduction in any medium,
provided the original work, first published in JMIR Medical Informatics, is properly cited. The complete bibliographic information,
a link to the original publication on http://medinform.jmir.org/, as well as this copyright and license information must be included.

http://medinform.jmir.org/2020/6/e15609/

XSL• FO
RenderX

JMIR Med Inform 2020 | vol. 8 | iss. 6 | e15609 | p. 11
(page number not for citation purposes)

